
 

 
 
 
 
Neundorf, A. and Pardos-Prado, S. (2021) The impact of Covid-19 on Trump’s electoral 

demise: the role of economic and democratic accountability. Perspectives on Politics, 

(doi: 10.1017/S1537592721001961). 

 

   

There may be differences between this version and the published version. You are 

advised to consult the publisher’s version if you wish to cite from it. 
 
 
 

http://eprints.gla.ac.uk/242482/                
      

 
 
 
 
 

 
Deposited on: 26 May 2021 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Enlighten – Research publications by members of the University of Glasgow 

http://eprints.gla.ac.uk  

  

http://eprints.gla.ac.uk/242482/
http://eprints.gla.ac.uk/


The Impact of Covid-19 on Trump’s Electoral Demise:
The Role of Economic and Democratic Accountability*

Anja Neundorf
(University of Glasgow)

Sergi Pardos-Prado†

(University of Glasgow)

Forthcoming Perspectives on Politics

Abstract

Did the Covid-19 crisis have a significant effect on Trump’s electoral demise? We present
survey experimental evidence on two substantial effects of the pandemic. First, information
on the unprecedented economic downturn significantly depressed Trump’s popular support
across all partisan groups, and especially among middle-low and low-income respondents.
Second, being primed on the poor public health record of the Trump administration reduced
its electoral prospects among citizens aged between 55 and 70 years old. We conclude that
the 2020 election was a normal contest compatible with theories of economic voting and
political competence. Our results suggest that democratic accountability can be a powerful
determinant of the fate of populist leaders once in power.
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1 Introduction

Has the Covid-19 crisis affected the outcome of the 2020 US Presidential election? Or did partisanship

play a particularly strong role in a context of high polarization? Was Donald Trump exonerated from

the management of the economic and political crisis by a populist electoral base, or did democratic

accountability play a role explaining his ultimate defeat?

These questions are important for both American and comparative politics scholars. Firstly, the rea-

sons behind the electoral fortunes and defeat of an atypical President in recent American history are a

matter of interest in political science (Inglehart and Norris 2017; Sides et al. 2017; Federico and de Zavala

2018; Goetz et al. 2018; Hooghe and Dassonneville 2018; Morgan and Lee 2018; Mutz 2018; Schaffner

et al. 2018; Setzler and Yanus 2018; Redlawsk et al. 2018; Reny et al. 2019; Knuckey and Hassan 2020).

The significance of the Trump administration for the nature of American values and resilience of liberal

democracy is highly debated and controversial. Moreover, Trump’s double status as both a populist out-

sider and a presidential incumbent make this case particularly interesting. While populist entrepreneurs

are expected to benefit from some forms of economic anxiety and disaffection with the political system

(Hobolt and Tilley 2016; de Vries and Hobolt 2020), incumbent candidates are expected to be electorally

punished in bad economic times (van der Brug et al. 2007; Duch and Stevenson 2008). Disentangling

which of these dynamics was at play has important implications for the role of democratic accountability

and the prospects of populist illiberal narratives in the US.

Secondly, this research question is also relevant for comparative scholars and beyond the specific

interest on Trump’s electoral fortunes. The impact of economic and political crises on political behavior

outcomes like radical-right voting (Arzheimer 2009; Golde 2016; Hobolt and Tilley 2016; Arzheimer

2018; Gidron and Mijs 2019) or policy preferences (Margalit 2013) remains surprisingly controversial.

The Covid-19 epidemic is a major and exogenous shock providing a unique opportunity to analyze how

different aspects of a sudden crisis affect political attitudes and behavior (Acharya et al. 2020; Amat et al.

2020; Arceneaux et al. 2020; Bol et al. 2020).

To test the impact of the Covid-19 crisis on the 2020 US presidential election, we present the results

of a survey experiment fielded during the campaign manipulating the salience of different aspects of the
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crisis: the major economic downturn, a controversial political management of the pandemic (with the US

having the highest death toll worldwide), and immigration-related anxieties around the Chinese origin

of the virus spreading globally via open borders. We compare vote intentions and thermometer feelings

between respondents exposed to each of those treatment conditions and a control group. Our research

design has two main advantages. First, it allows us to assess the causal impact of specific aspects of the

crisis, net of partisanship and other well-known perceptual screens filtering attribution of responsibility.

Second, given the high levels of affective and ideological polarization in a bitterly divisive campaign

(Gidron et al. 2020), our design is a potentially conservative test of the ability of economic and political

retrospective evaluations to affect voting behavior.

Our analyses provide two main findings. First, the economic downturn is the only aspect of the crisis

with an average, negative, and significant effect on Trump’s re-election prospects. More interestingly,

we find this effect to be pervasive across the population, and not conditional on partisanship. The group

exposed to factual information on the economic crisis reduced vote intentions for Trump by 7-9 percent-

age points. Household income levels below $50,000 were responsive to the economic downturn in a

more statistically significant way, suggesting that egocentric calculations also played a role in Trump’s

electoral prospects.

Second, information on the political management of the crisis had strong negative effects on Trumps’

prospects among voters between 55 and 70 years of age. In comparison to respondents of the same age

in the control group, being exposed to information on the management of the health crisis depressed

Trump support up to 25 percentage points, which is a remarkable magnitude for a demographic typically

aligned with the Republican Party.

Our findings have several implications for the literature on crises and political behavior, and for the

prospects of populism in the US. The main implication of our findings is that, despite the toxic and

polarizing character of the campaign, the 2020 election was to a large extent a normal contest. It was

fiercely fought along traditional partisan and demographic lines, and the incumbent was held to account

by a turbulent economic and political context. Despite the overwhelming effect of partisanship, race, and

religion in our data, Trump was still evaluated as a standard Presidential incumbent. He was punished by

the economic crisis, and by older voters most at risk by the mismanagement of the pandemic.
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Our findings imply a considerable degree of rationality in the 2020 outcome, and are in line with

canonical theories of economic voting (Lewis-Beck and Stegmaier 2000; Tilley et al. 2018) and the

politics of competence (Green and Jennings 2017, 2019). Our results also confirm that anti-immigrant

attitudes are one of the strongest predictors of Trump support (Hooghe and Dassonneville 2018), as well

as anti-tax policy preferences. Overall, our experiment suggests that populist candidates are not immune

to democratic accountability once in power (van Spanje 2011), and that becoming insiders is one of their

biggest electoral dangers.

2 Hypotheses

The global Covid-19 outbreak is an unprecedented crisis affecting various politically relevant areas.

Firstly, it is a health crisis with unseen consequences in fatalities and pressures on national health sys-

tems, putting enormous expectation and strain on national governments. Secondly, the economic con-

sequences of the pandemic far surpass the impact of the financial crisis in 2008, with national debt

mounting, GDP plummeting, and unemployment rising. Thirdly, the crisis has led to an unparalleled im-

pact on the openness of international borders, with governments shutting down specific travelling routes

and many pointing at international flows of people as spreaders of the pandemic.

We develop several theoretical expectations concerning the impact of different aspects of the Covid-

19 crisis on voting behaviour. More specifically, the next sub-sections consider the effects of the major

economic debacle caused by the pandemic, the political management of the crisis, the global spread of

the virus, and the role of partisanship filtering political events.

2.1 The role of the economic debacle

Socio-tropic theories of economic voting have profusely documented strong effects of macro-economic

conditions on the electoral fortunes of incumbents (Lewis-Beck and Stegmaier 2000; Duch and Steven-

son 2008; Vavreck 2009). The Covid-19 crisis has generated an unprecedented economic debacle. Ac-

cording to official US government data and by the time of the 2020 presidential campaign, GDP had

decreased by 32.9% following the start of the coronavirus outbreak. This output drop is four times larger
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than after the financial crisis in 2008. The unemployment rate had tripled in comparison to the previous

year1.

From a socio-tropic perspective, and assuming that Trump was perceived as a standard incumbent

with responsibility over recent economic performance, the magnitude of the 2020 economic crisis should

have significant, direct, and negative effects on Trump’ prospects of re-election. This leads to our first

hypothesis:

Hypothesis 1 (H1): Respondents exposed to information on the economic crisis triggered by the pan-

demic will evaluate Trump (Biden) more negatively (positively) than respondents in the control group.

While socio-tropic considerations have proved to be highly consequential in previous research, ego-

centric or pocketbook considerations can also be relevant when attribution of responsibility is clear

(Tilley et al. 2018). This means that the economic downturn should especially affect vote intentions of

those personally affected by it. Economic self-interest can be conceptualized from an income-maximizing

(Kenworthy and Pontusson 2005) or an economic risk perspective (Rehm 2009). The former focuses on

present income as the best indicator of hardship, and the latter considers prospective unemployment risk

as a key determinant of preferences and political behavior. Our second hypothesis expects economic

conditions to interact with the individual probability to feel the downturn. More specifically, we expect

information on the economic conditions to harm Trump’s prospects more among those at higher risk of

becoming unemployed or with lower incomes:

Hypothesis 2 (H2): The negative effect of the economic crisis treatment vs. the control group on the

evaluation of Trump will be larger among respondents at high risk of unemployment (H2a) and with low

income (H2b) (conditional effects).

The study of an exogenous economic shock triggered by a global pandemic provides a unique oppor-

tunity to analyze the role of populist attitudes on Trump’s electoral prospects. While Trump has been

1 https://www.bea.gov/news/2020/gross-domestic-product-2nd-quarter-2020-advance-estimate-and-annual-update
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considered an atypical candidate capitalizing on populist and political disaffection (Rudolph 2019), he is

also the presidential incumbent and leader of the Republican Party. The tension between his permanent

outsiderness and his role as a canonical anti-tax Republican leader leads to two competing expectations.

On the one hand, macro-economic turbulence has been suggested as a trigger of populist radical right

electoral success (Hobolt and Tilley 2016; de Vries and Hobolt 2020). The arguably exogenous shock of

Covid-19 could exonerate Trump from any responsibility in the economic downturn, and even re-activate

populist and anti-systemic attitudes ultimately benefiting him. On the other hand, the economic crisis

could activate classical left-right distributional issues and bring preferences over tax and spending at

the forefront of the election, at least in the short term (Margalit 2013). The major economic shock and

consequent public debt could exacerbate anti-tax preferences among high and median-income voters,

who tend to be redistribution-averse in majoritarian systems (Iversen and Soskice 2006). The populist

vs. mainstream dichotomy leads to the next pair of hypotheses:

Hypothesis 3 (H3): Respondents exposed to information on the economic crisis will increase their

populist attitudes in comparison to the control group, and those attitudes will subsequently increase pos-

itive (negative) evaluations of Trump (Biden) (mediation effect).

Hypothesis 4 (H4): Respondents exposed to information on the economic crisis will increase their

anti-tax and spending preferences in comparison to the control group, and those preferences will subse-

quently increase positive (negative) evaluations of Trump (Biden) (H4a); this effect will be larger among

high-income respondents (H4b) (mediation effect).

2.2 The political management of the pandemic

The Covid-19 crisis is of course not only an economic catastrophe, but a major public health issue.

The role of governments at imposing social and mobility restrictions to halt the spread of the virus has

become a salient and divisive issue in many democracies. The management of the crisis by the Trump

6



administration, the use of masks, and the infection of the President himself became highly politicized

events during the campaign.

Perceptions of governmental competence have become a crucial determinant of the fortunes of main-

stream politicians in advanced liberal democracies (Green and Jennings 2017, 2019). Assuming that

high public health standards are a valence and universally valued issue, the capacity of governments to

control the epidemic is reasonable determinant of their chances to remain in office. More specifically,

we expect that priming on the highest death toll worldwide and the controversies over the governmental

management of the pandemic should depress Trump’s electoral prospects on average. We also expect a

conditional effect with age, since older respondents are a particularly vulnerable group2 more at risk of

suffering serious health consequences from contracting Covid-19.

Hypothesis 5 (H5): Respondents exposed to information on the high death toll of the virus and the

controversies over the government’s management of the pandemic will evaluate Trump (Biden) more

negatively (positively) than respondents in the control group (H5a); and this effect will be larger among

older respondents (H5b) (conditional effect).

Our expectations on older voters speak to a burgeoning literature on age and Covid-19 (Canning et al.

2020; Daoust 2020; von Siemens 2021). Since age appeared to be the most important determinant of

hospitalization and the chances to survive the virus, social scientists have turned their attention to the

differences in attitudes and compliance with preventive measures between the young and old. One of

the most interesting and emerging findings is that the relationship between age and Covid-19 measures

is not linear (Daoust 2020), which we will take into account in our analyses.

2.3 Out-group hostility

Earlier studies on Trump’s 2016 electoral victory point out that anti-immigrant attitudes clearly outper-

formed economic factors and other electoral determinants (Hooghe and Dassonneville 2018; Reny et al.

2 https://www.imperial.ac.uk/mrc-global-infectious-disease-analysis/covid-19/

covid-19-scientific-resources/ (04/21/2021)
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2019). This finding speaks to the overwhelming evidence in favor of cultural and status-related concerns

as the strongest drivers of radical right electorates (Mudde 2007; Mutz 2018; Norris and Inglehart 2019).

Trump kept his populist and anti-immigrant narrative alive throughout his term in office. As a conse-

quence, one would expect anti-immigrant attitudes to still benefit the clear owner of the issue in the 2020

election.

The Covid-19 crisis might have exacerbated the salience of anti-immigration and anti-globalization

attitudes driving electoral choices. This would resonate with attempts by the Republican campaign to

frame the crisis as the ‘Chinese virus’3, and by beliefs that open borders contributed to the global spread

of the disease (Yucesahin and Sirkeci 2020). There is evidence that anti-Asian attitudes were associated

with Covid-19 attitudes and behaviors in the early stages of the pandemic, when conservative elites

racialized the outbreak (Reny and Barreto 2020).

Out-group hostility may thus be a relevant theoretical channel explaining the electoral impact of the

Covid-19 crisis. Priming respondents on the Chinese origin of the virus and the role of international

travelling and migration routes could interact with prior levels of out-group hostility, and ultimately boost

vote intentions for Trump. Even if the Coronavirus crisis is unable to change anti-immigrant attitudes

entrenched in stable cultural values and beliefs (Kustov et al. 2019), immigration concerns associated

with the pandemic (i.e. priming respondents on the risk of open borders and the Chinese origin of

the virus) could still increase Trump’s electoral prospects among electorates with anti-immigrant policy

preferences. This leads to our next hypothesis:

Hypothesis 6 (H6): Respondents exposed to immigration concerns associated with the pandemic will

evaluate Trump (Biden) more positively (negatively) than respondents in the control group (H6a); and

this effect will be larger among respondents with anti-immigrant policy preferences (H6b) (conditional

effect).

3 https://www.nytimes.com/2020/04/18/us/politics/trump-china-virus.html (11/23/2020)
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2.4 Partisanship

Finally, it is well known that partisanship is a strong driver of American voting behavior and political

attitudes, and that affective and ideological polarization are a crucial wedge between Democrats and

Republicans (Gidron et al. 2020). Partisanship has also become a surprisingly strong driver of attitudes

towards the pandemic, including the use of masks and the compliance with social distancing measures

(Grossman et al. 2020). Partisanship is traditionally regarded as a stable perceptual screen filtering el-

ements that may be associated with the Covid-19 crisis, like economic downturns and governmental

competence (Evans and Andersen 2006). We would thus expect the mechanisms summarized in our pre-

vious hypotheses to be more visible among weak partisans or independents, than among strong partisans:

Hypothesis 7 (H7): The expected effect of economic conditions (H1), the political management of the

pandemic (H5a), and immigration anxieties (H6a) will be stronger for weak partisans and independents

than for strong partisans of either party (conditional effects).

3 Research design

To test our hypotheses, we use a survey experiment priming respondents on different aspects of the

Covid-19 crisis. Survey experiments prime latent attitudinal and behavioral traits and are a powerful tool

for causal inference (Krupnikov and Findley 2018). This approach is particularly valuable when studying

attitudes that are likely to be confounded by underlying partisan and ideological considerations.

The scope of our findings is inevitably limited by the conditions created by the experiment and the

context in which they were received. We aim, however, at a reasonable level of external validity by

embedding our experiment in a representative sample of the US population, during the campaign leading

to the election that we are studying, and at a time in which the economy and Covid-19 were highly salient

issues in the public4.

We registered the data collection and data analysis of this study at the OSF on October 15, 2020,

4 https://www.pewresearch.org/politics/2020/08/13/important-issues-in-the-2020-election/

(04/16/2021).
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before any data collection commenced.5

Data collection: Participants were recruited from an online access panel administered by the company

Deltapoll and their partners. No direct financial incentives were given. However, respondents got some

virtual tokens, which they can ultimately exchange for some money or vouchers. The survey included

1,200 individuals representative of the US population.6

Our analysis is well powered according to standard calculations.As it is conventional to do, we assume

95% level of statistical significance and 80% statistical power. We then calculate the standardized dif-

ference that we expect to find between our control and each of our treatment groups: difference between

the means / standard deviation of our outcome in the population (Jones et al. 2003). We assume a 0.1

(10%) difference in the means of our outcomes between our treatment and control group, and take the

standard deviation of thermometer feelings towards Trump from the 2016 pre-electoral survey of the

American National Election Study (0.33). We look at one-tailed hypotheses given the strong theoretical

background suggesting specific signs of competence and economic perceptions on incumbents. Given

these assumptions we need 176 individuals per treatment group for a well-powered analysis, which adds

up to 704 as the total necessary sample size for average treatment effects.

We also estimated the necessary power to calculate heterogenous treatment effects across partisan

groups (Democrats, Independents, and Republicans). On the basis of the 2016 American National Elec-

tion Study, the difference in thermometer feelings for Trump between Republicans and Independents is

0.25, which is a conservative assumption since the difference between Republicans and Democrats is

much larger. The standard deviation of feelings towards Trump for both Democrats and Republicans is

0.25. Given these values and the well-known strong effects of partisanship on voting behavior, a well-

powered conditional analysis across 4 treatments and 3 partisan groups would require a total sample size

of 204.

Appendix 1 tabulates key demographic characteristics of our sample, and shows a remarkably high

5 The Pre-Analysis Plan is available here: https://osf.io/vdh8x/?view_only=

af8a132b534f4fba81d828fc3d98af62

6 73 cases were dropped from the data, as they were not born in the US and we could not confirm whether they
had citizenship and were hence allowed to vote in the election.
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correspondence with a high-quality sample from the American National Election Study.7 Data collec-

tion took place between October 21-29, 2020, about one week before the election, which was held on

November 3, 2020.

3.1 Experimental design

After consenting to participating in our study, respondents were first asked a few pre-treatment variables:

gender, age, education, partisanship, and state of residence. Then, they were randomly assigned to the

control group or one of our three treatment groups. Outcome variables were directly asked after the

exposure to the treatments, followed by some mediating and moderating variables needed to test some

of our hypotheses above. The survey finished with some additional demographic questions on income,

domicile, ethnicity and religiosity.8

Randomization: We randomly assigned three treatment conditions and one control group to our sam-

ple, relying on simple block-randomization, whereby respondents were first allocated to one of three

groups: Democrats, Independents, and Republicans.9 The random assignment of our treatment condi-

tions took place within each group. Each experimental condition makes up 25% of the sample.

As we show in Appendix 2, the randomization of our treatment was largely successful, based on

key demographics: gender, age, education, partisanship, income, urban/rural residence, ethnicity, and

religiosity. Estimating a multi-nominal logistic regression of treatment allocation (reference category:

control group), we find only slight significant differences in terms of religion (especially for the govern-

mental management treatment) and ethnicity (for China virus treatment). In order to deal with these small

imbalances between the treatment groups and the control group, observed demographic characteristics

7 Our sample has slightly under-sampled respondents with a degree and over-sampled people living in urban places.
Our statistical models will control for these variables.
8 The ethical considerations of this study have been anonymously peer-reviewed and officially approved (on Oct
9, 2020) at [removed for anonymity] following standard ethical review procedures.
9 The assignment to partisan groups was done on the basis of a pre-treatment partisanship variable: (1) Strong
Democrat, (2) Not very strong Democrat, (3) Independent closer to the Democratic party, (4) Independent, (5)
Independent closer to the Republican party, (6) Not very strong Republican, (7) Strong Republican. For the
purposes of block randomization, Democrats correspond to categories 1-2, Independents to categories 3-5 (plus
don’t knows), and Republicans correspond to categories 6-7.
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are included in the regression models, presented below as control variables.

3.2 Variables

3.2.1 Experimental treatments

Our main independent variable is the random assignment to the control group or one of our three treat-

ment groups. This variable has four values: 1) “control group”; 2) “economic treatment”; 3) “government

management treatment”; and 4) “China virus treatment”. The control group was not exposed to any vi-

gnette or mentioning of Covid-19. All treatment conditions report factual statistics from official sources

or academic studies, and the sources were provided in the vignettes. The wording of the vignettes for

each treatment is the following:

ECONOMIC TREATMENT - T1: “According to official data from the US government, the econ-

omy has declined dramatically over the last few months. GDP decreased by 32.9% following the start

of the coronavirus outbreak, which is four times higher than after the financial crisis in 2008.10 The

unemployment rate has tripled in comparison to last year.11”

GOVERNMENT MANAGEMENT TREATMENT - T2: “According to data from John Hopkins

University, the death toll in the US due to the coronavirus outbreak is the highest in the world, well

surpassing 200,000 deaths.12 The federal government has been under intense scrutiny recently, accused

of being slow to coordinate a national response and sending unclear messages.13”

CHINESE VIRUS TREATMENT - T3: “Recent academic studies have linked the spread of coron-

avirus to migration and specific travelling routes originating in Central China and spreading across the

10 Sources: https://www.bea.gov/news/2020/gross-domestic-product-2nd-quarter-2020-advance-estimate-and-annual-update;
https://www.thebalance.com/2008-gdp-growth-updates-by-quarter-3305542

11 Source: https://www.bls.gov/news.release/pdf/empsit.pdf
12 Source: https://coronavirus.jhu.edu/map.html
13 Source: https://www.pewresearch.org/global/2020/08/27/most-approve-of-national-response-to-covid-19-in-14-advanced-economies/
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world.14 Based on Census Bureau data, immigration to the United States has tripled since 1970, reach-

ing unprecedented levels. According to recent estimates, the U.S. foreign-born population has reached a

record 44.8 million.15”

Immediately after each treatment, respondents assigned to that particular vignette were asked about a

related opinion on subjective unemployment risk, political performance, or immigration policy respec-

tively. Those questions were part of the treatment. Everyone else was still asked the same questions, but

after the outcome variables.

3.2.2 Outcome variables

To test the impact of our treatments on the electoral fortunes of the main presidential candidates – incum-

bent President Donald J. Trump and Democratic challenger Joseph R. Biden, Jr. – we use two questions.

Firstly, we investigate vote intention for Trump over Biden, setting those that would not vote (5.4%),

vote for another candidate (2.4%) or did not know who to vote for (5.4%) to missing.16 Based on our

sample, 47.6% stated that they would vote for Trump, which is within 1% to the official election results,

confirming the high quality of our sample.17 In Appendix 3 (M5) we further replicate our main models

using Trump vote versus all other options, including not voting and don’t know answers.

The second set of outcomes focuses on thermometer feelings towards the two candidates, ranging

from 0 to 100. Figure 2 plots the distribution of the two variables and illustrates the extreme polarization

of the American public in the lead up to the 2020 election. 35% of respondents give Trump a zero on the

feeling thermometer, while 21% give him 100. Biden exhibits a similar extreme, bi-modal distribution,

with 24% giving him a zero and 20% giving him a 100. As one would expect, the two variables are

14 Source: Sirkeci, I., & Yucesahin, M. M. (2020). Coronavirus and Migration: Analysis of Human Mobility and
the Spread of Covid-19. Migration Letters, 17(2), 379-398.
15 Source: https://www.pewresearch.org/fact-tank/2020/08/20/key-findings-about-u-s-immigrants/
16 Absentee voting was particularly high in this election and it is likely that some of our respondents had already
voted when completing the survey. While the use of thermometer feelings as dependent variables should not
be affected by this, the vote intention variable might. However, we believe that this makes it more difficult for
economic and political retrospective evaluations to affect voting behavior, in the sense that a few respondents
might have already made up their minds when answering our survey.
17 Trump received 46.86% of the votes according to the final election count, https://www.fec.gov/

resources/cms-content/documents/2020presgeresults.pdf
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Figure 1: Descriptive distribution of feeling thermometer for Trump (A) and Biden (B)
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highly, negatively correlated (R = -0.75) and strongly reflect partisanship.18 We see this context as a

difficult case study to prove contextual economic and political effects on vote intentions.

3.2.3 Mediating and moderating variables

Based on our pre-registered hypotheses and analytical strategy, we expect varying moderating and medi-

ating variables to impact the effect of Covid-19 on the electoral success of the two presidential candidates.

Following H2 we expect subjective unemployment risk and income to condition the impact of the pan-

demic. To measure the former, we use a four-categorical scale that asked respondents “how likely do you

think it is, if at all, that during the next 12 months you will be unemployed and looking for work for at

least four consecutive weeks?”, ranging from 1 “very likely” to 4 “not at all likely”. Respondents who

do not seek work are coded as missing.

To measure income, respondents were asked to state their combined, pre-tax annual household in-

come, ranging from less than $15,000 (1) to $250,000 and above (24). We use income as a linear

18 Average score among Republicans: Trump=84; Biden=18. Average score among Democrats: Trump=13;
Biden=84. Average score among Independents: Trump=41; Biden=48.
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variable, and in Appendix 5.2 replicate the results using a binary variable (below sample median (below

$50,000) = 0; above sample median ($50,000+) = 1). While income is an important measure of personal

economic circumstances, it inevitably misses other important aspects like property of assets (Nadeau

et al. 2010; Stubager et al. 2013; Nadeau et al. 2019) and class or occupation (Evans and Tilley 2017).

H3 and H4 look at potential mediators of the economic treatment. Firstly, we measure populist at-

titudes (H3) asking respondents whether they disagree (1) or agree (5) with the following statement:

“The people, and not politicians, should make our most important policy decisions”. This is a verified

item often used to measure populist sentiments (Akkerman et al. 2014). Secondly, we measure anti-tax

and spending preferences using the following question: “Imagine that the federal government had to

choose between increasing taxes and spending more on unemployment benefits (1), or decreasing taxes

and spending less on unemployment benefits (5), which should they do?”.

H5b further expects that the impact of the government management treatment to be strongest among

older voters. To test this hypothesis, we model age as a linear as well as non-linear effect. Appendix 5.4

further replicates the analysis using a binary age variable (below 55 years old = 0; 55 years or older = 1).

Next, we look at the conditioning effect of immigration preferences (H6b), asking respondents “How

restrictive, if at all, do you think immigration policy in the United States should be?”. Responses range

from not at all restrictive (1) to extremely restrictive (5). Lastly, to test H7 we condition the effects of

our three treatments by partisanship, using the same three categories also used for block randomization.

For this we collapsed the standard 7-point partisanship into Democrats (1+2), Independents (3-5, don’t

know) and Republican (6+7).

It is important to note that two of our moderators (i.e. subjective economic risk and immigration policy

preferences) are post-treatment, as we also wanted to check whether they mediated rather than moderated

our treatments of interest. Appendix 8 shows clearly insignificant effects of our treatments on all our

endogenous mediators and moderators. This already indicates that our different Covid-19 primes are not

mediated by unemployment risk, spending preferences, populism, and immigration policy preferences.

This also means that none of our moderators were affected by the treatments.
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3.2.4 Additional control variables

As outlined in our pre-registration plan, our models below control for key demographic variables. This

will help to account for small but significant imbalances in our treatment groups (see Appendix 2) and

to compare the effect size of our treatments with well established (pre-treatment) drivers of vote choice.

We include the following control variables:

• Gender: Female (51.3%) versus male (48.7%).

• Education: Degree (35.6%), high school (58.0%), less than high school (6.4%).19

• Domicile: Urban (25.1%), Suburban (41.2%), City or sizable town (10.3%), Rural (23.4%).

• Ethnicity: White (73.4%), Black (12.4%), Hispanic (9.2%), Other (5.0%).20

• Religion: Identify with religion + frequent attend (31.9%), Identify with religion + not frequent

attend (35.8%), do not identify with religion (32.3%).

• Age: To compare the effect size across all variables, age was recoded to range from 0 to 1.21

4 Research design

To test our hypotheses, we use a survey experiment priming respondents on different aspects of the

Covid-19 crisis. Survey experiments prime latent attitudinal and behavioral traits and are a powerful tool

for causal inference (Krupnikov and Findley 2018). This approach is particularly valuable when studying

attitudes that are likely to be confounded by underlying partisan and ideological considerations.

The scope of our findings is inevitably limited by the conditions created by the experiment and the

context in which they were received. We aim, however, at a reasonable level of external validity by

19 The detailed list of highest degrees: Degree = Doctorate degree (3.3%), Masters degree (10.7%), Completed
some graduate, but no degree (2.6%), College Degree (such as B.A., B.S.) (13.4%), Associate Degree (5.18%).
High School = Completed some college, but no degree (9.4%), Other post high school vocational train (1.58%),
High school graduate (46.4%). Less than high school = Completed some high school (5.1%), Middle School or
less (1.2%).
20 We pre-registered that we would further divide respondents into Asian and Middle Eastern. However, there were
not enough respondents from these groups. We therefore merged these with the Other category.
21 Age ranges from 18 to 99 with the average respondents being 48.5 years old.
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embedding our experiment in a representative sample of the US population, during the campaign leading

to the election that we are studying, and at a time in which the economy and Covid-19 were highly salient

issues in the public22.

We registered the data collection and data analysis of this study at the OSF on October 15, 2020,

before any data collection commenced.23

Data collection: Participants were recruited from an online access panel administered by the company

Deltapoll and their partners. No direct financial incentives were given. However, respondents got some

virtual tokens, which they can ultimately exchange for some money or vouchers. The survey included

1,200 individuals representative of the US population.24

Our analysis is well powered according to standard calculations.As it is conventional to do, we assume

95% level of statistical significance and 80% statistical power. We then calculate the standardized dif-

ference that we expect to find between our control and each of our treatment groups: difference between

the means / standard deviation of our outcome in the population (Jones et al. 2003). We assume a 0.1

(10%) difference in the means of our outcomes between our treatment and control group, and take the

standard deviation of thermometer feelings towards Trump from the 2016 pre-electoral survey of the

American National Election Study (0.33). We look at one-tailed hypotheses given the strong theoretical

background suggesting specific signs of competence and economic perceptions on incumbents. Given

these assumptions we need 176 individuals per treatment group for a well-powered analysis, which adds

up to 704 as the total necessary sample size for average treatment effects.

We also estimated the necessary power to calculate heterogenous treatment effects across partisan

groups (Democrats, Independents, and Republicans). On the basis of the 2016 American National Elec-

tion Study, the difference in thermometer feelings for Trump between Republicans and Independents is

0.25, which is a conservative assumption since the difference between Republicans and Democrats is
22 https://www.pewresearch.org/politics/2020/08/13/important-issues-in-the-2020-election/

(04/16/2021).
23 The Pre-Analysis Plan is available here: https://osf.io/vdh8x/?view_only=

af8a132b534f4fba81d828fc3d98af62

24 73 cases were dropped from the data, as they were not born in the US and we could not confirm whether they
had citizenship and were hence allowed to vote in the election.
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much larger. The standard deviation of feelings towards Trump for both Democrats and Republicans is

0.25. Given these values and the well-known strong effects of partisanship on voting behavior, a well-

powered conditional analysis across 4 treatments and 3 partisan groups would require a total sample size

of 204.

Appendix 1 tabulates key demographic characteristics of our sample, and shows a remarkably high

correspondence with a high-quality sample from the American National Election Study.25 Data collec-

tion took place between October 21-29, 2020, about one week before the election, which was held on

November 3, 2020.

4.1 Experimental design

After consenting to participating in our study, respondents were first asked a few pre-treatment variables:

gender, age, education, partisanship, and state of residence. Then, they were randomly assigned to the

control group or one of our three treatment groups. Outcome variables were directly asked after the

exposure to the treatments, followed by some mediating and moderating variables needed to test some

of our hypotheses above. The survey finished with some additional demographic questions on income,

domicile, ethnicity and religiosity.26

Randomization: We randomly assigned three treatment conditions and one control group to our sam-

ple, relying on simple block-randomization, whereby respondents were first allocated to one of three

groups: Democrats, Independents, and Republicans.27 The random assignment of our treatment condi-

tions took place within each group. Each experimental condition makes up 25% of the sample.

As we show in Appendix 2, the randomization of our treatment was largely successful, based on
25 Our sample has slightly under-sampled respondents with a degree and over-sampled people living in urban
places. Our statistical models will control for these variables.
26 The ethical considerations of this study have been anonymously peer-reviewed and officially approved (on Oct
9, 2020) at [removed for anonymity] following standard ethical review procedures.
27 The assignment to partisan groups was done on the basis of a pre-treatment partisanship variable: (1) Strong
Democrat, (2) Not very strong Democrat, (3) Independent closer to the Democratic party, (4) Independent, (5)
Independent closer to the Republican party, (6) Not very strong Republican, (7) Strong Republican. For the
purposes of block randomization, Democrats correspond to categories 1-2, Independents to categories 3-5 (plus
don’t knows), and Republicans correspond to categories 6-7.
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key demographics: gender, age, education, partisanship, income, urban/rural residence, ethnicity, and

religiosity. Estimating a multi-nominal logistic regression of treatment allocation (reference category:

control group), we find only slight significant differences in terms of religion (especially for the govern-

mental management treatment) and ethnicity (for China virus treatment). In order to deal with these small

imbalances between the treatment groups and the control group, observed demographic characteristics

are included in the regression models, presented below as control variables.

4.2 Variables

4.2.1 Experimental treatments

Our main independent variable is the random assignment to the control group or one of our three treat-

ment groups. This variable has four values: 1) “control group”; 2) “economic treatment”; 3) “government

management treatment”; and 4) “China virus treatment”. The control group was not exposed to any vi-

gnette or mentioning of Covid-19. All treatment conditions report factual statistics from official sources

or academic studies, and the sources were provided in the vignettes. The wording of the vignettes for

each treatment is the following:

ECONOMIC TREATMENT - T1: “According to official data from the US government, the econ-

omy has declined dramatically over the last few months. GDP decreased by 32.9% following the start

of the coronavirus outbreak, which is four times higher than after the financial crisis in 2008.28 The

unemployment rate has tripled in comparison to last year.29”

GOVERNMENT MANAGEMENT TREATMENT - T2: “According to data from John Hopkins

University, the death toll in the US due to the coronavirus outbreak is the highest in the world, well

surpassing 200,000 deaths.30 The federal government has been under intense scrutiny recently, accused

28 Sources: https://www.bea.gov/news/2020/gross-domestic-product-2nd-quarter-2020-advance-estimate-and-annual-update;
https://www.thebalance.com/2008-gdp-growth-updates-by-quarter-3305542

29 Source: https://www.bls.gov/news.release/pdf/empsit.pdf
30 Source: https://coronavirus.jhu.edu/map.html

19

https://www.bea.gov/news/2020/gross-domestic-product-2nd-quarter-2020-advance-estimate-and-annual-update
https://www.thebalance.com/2008-gdp-growth-updates-by-quarter-3305542
 https://www.bls.gov/news.release/pdf/empsit.pdf
https://coronavirus.jhu.edu/map.html


of being slow to coordinate a national response and sending unclear messages.31”

CHINESE VIRUS TREATMENT - T3: “Recent academic studies have linked the spread of coron-

avirus to migration and specific travelling routes originating in Central China and spreading across the

world.32 Based on Census Bureau data, immigration to the United States has tripled since 1970, reach-

ing unprecedented levels. According to recent estimates, the U.S. foreign-born population has reached a

record 44.8 million.33”

Immediately after each treatment, respondents assigned to that particular vignette were asked about a

related opinion on subjective unemployment risk, political performance, or immigration policy respec-

tively. Those questions were part of the treatment. Everyone else was still asked the same questions, but

after the outcome variables.

4.2.2 Outcome variables

To test the impact of our treatments on the electoral fortunes of the main presidential candidates – incum-

bent President Donald J. Trump and Democratic challenger Joseph R. Biden, Jr. – we use two questions.

Firstly, we investigate vote intention for Trump over Biden, setting those that would not vote (5.4%),

vote for another candidate (2.4%) or did not know who to vote for (5.4%) to missing.34 Based on our

sample, 47.6% stated that they would vote for Trump, which is within 1% to the official election results,

confirming the high quality of our sample.35 In Appendix 3 (M5) we further replicate our main models

using Trump vote versus all other options, including not voting and don’t know answers.

31 Source: https://www.pewresearch.org/global/2020/08/27/most-approve-of-national-response-to-covid-19-in-14-advanced-economies/
32 Source: Sirkeci, I., & Yucesahin, M. M. (2020). Coronavirus and Migration: Analysis of Human Mobility and
the Spread of Covid-19. Migration Letters, 17(2), 379-398.
33 Source: https://www.pewresearch.org/fact-tank/2020/08/20/key-findings-about-u-s-immigrants/
34 Absentee voting was particularly high in this election and it is likely that some of our respondents had already
voted when completing the survey. While the use of thermometer feelings as dependent variables should not
be affected by this, the vote intention variable might. However, we believe that this makes it more difficult for
economic and political retrospective evaluations to affect voting behavior, in the sense that a few respondents
might have already made up their minds when answering our survey.
35 Trump received 46.86% of the votes according to the final election count, https://www.fec.gov/

resources/cms-content/documents/2020presgeresults.pdf
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Figure 2: Descriptive distribution of feeling thermometer for Trump (A) and Biden (B)
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The second set of outcomes focuses on thermometer feelings towards the two candidates, ranging

from 0 to 100. Figure 2 plots the distribution of the two variables and illustrates the extreme polarization

of the American public in the lead up to the 2020 election. 35% of respondents give Trump a zero on the

feeling thermometer, while 21% give him 100. Biden exhibits a similar extreme, bi-modal distribution,

with 24% giving him a zero and 20% giving him a 100. As one would expect, the two variables are

highly, negatively correlated (R = -0.75) and strongly reflect partisanship.36 We see this context as a

difficult case study to prove contextual economic and political effects on vote intentions.

4.2.3 Mediating and moderating variables

Based on our pre-registered hypotheses and analytical strategy, we expect varying moderating and medi-

ating variables to impact the effect of Covid-19 on the electoral success of the two presidential candidates.

Following H2 we expect subjective unemployment risk and income to condition the impact of the pan-

demic. To measure the former, we use a four-categorical scale that asked respondents “how likely do you

36 Average score among Republicans: Trump=84; Biden=18. Average score among Democrats: Trump=13;
Biden=84. Average score among Independents: Trump=41; Biden=48.
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think it is, if at all, that during the next 12 months you will be unemployed and looking for work for at

least four consecutive weeks?”, ranging from 1 “very likely” to 4 “not at all likely”. Respondents who

do not seek work are coded as missing.

To measure income, respondents were asked to state their combined, pre-tax annual household in-

come, ranging from less than $15,000 (1) to $250,000 and above (24). We use income as a linear

variable, and in Appendix 5.2 replicate the results using a binary variable (below sample median (below

$50,000) = 0; above sample median ($50,000+) = 1). While income is an important measure of personal

economic circumstances, it inevitably misses other important aspects like property of assets (Nadeau

et al. 2010; Stubager et al. 2013; Nadeau et al. 2019) and class or occupation (Evans and Tilley 2017).

H3 and H4 look at potential mediators of the economic treatment. Firstly, we measure populist at-

titudes (H3) asking respondents whether they disagree (1) or agree (5) with the following statement:

“The people, and not politicians, should make our most important policy decisions”. This is a verified

item often used to measure populist sentiments (Akkerman et al. 2014). Secondly, we measure anti-tax

and spending preferences using the following question: “Imagine that the federal government had to

choose between increasing taxes and spending more on unemployment benefits (1), or decreasing taxes

and spending less on unemployment benefits (5), which should they do?”.

H5b further expects that the impact of the government management treatment to be strongest among

older voters. To test this hypothesis, we model age as a linear as well as non-linear effect. Appendix 5.4

further replicates the analysis using a binary age variable (below 55 years old = 0; 55 years or older = 1).

Next, we look at the conditioning effect of immigration preferences (H6b), asking respondents “How

restrictive, if at all, do you think immigration policy in the United States should be?”. Responses range

from not at all restrictive (1) to extremely restrictive (5). Lastly, to test H7 we condition the effects of

our three treatments by partisanship, using the same three categories also used for block randomization.

For this we collapsed the standard 7-point partisanship into Democrats (1+2), Independents (3-5, don’t

know) and Republican (6+7).

It is important to note that two of our moderators (i.e. subjective economic risk and immigration policy

preferences) are post-treatment, as we also wanted to check whether they mediated rather than moderated

our treatments of interest. Appendix 8 shows clearly insignificant effects of our treatments on all our
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endogenous mediators and moderators. This already indicates that our different Covid-19 primes are not

mediated by unemployment risk, spending preferences, populism, and immigration policy preferences.

This also means that none of our moderators were affected by the treatments.

4.2.4 Additional control variables

As outlined in our pre-registration plan, our models below control for key demographic variables. This

will help to account for small but significant imbalances in our treatment groups (see Appendix 2) and

to compare the effect size of our treatments with well established (pre-treatment) drivers of vote choice.

We include the following control variables:

• Gender: Female (51.3%) versus male (48.7%).

• Education: Degree (35.6%), high school (58.0%), less than high school (6.4%).37

• Domicile: Urban (25.1%), Suburban (41.2%), City or sizable town (10.3%), Rural (23.4%).

• Ethnicity: White (73.4%), Black (12.4%), Hispanic (9.2%), Other (5.0%).38

• Religion: Identify with religion + frequent attend (31.9%), Identify with religion + not frequent

attend (35.8%), do not identify with religion (32.3%).

• Age: To compare the effect size across all variables, age was recoded to range from 0 to 1.39

37 The detailed list of highest degrees: Degree = Doctorate degree (3.3%), Masters degree (10.7%), Completed
some graduate, but no degree (2.6%), College Degree (such as B.A., B.S.) (13.4%), Associate Degree (5.18%).
High School = Completed some college, but no degree (9.4%), Other post high school vocational train (1.58%),
High school graduate (46.4%). Less than high school = Completed some high school (5.1%), Middle School or
less (1.2%).
38 We pre-registered that we would further divide respondents into Asian and Middle Eastern. However, there were
not enough respondents from these groups. We therefore merged these with the Other category.
39 Age ranges from 18 to 99 with the average respondents being 48.5 years old.
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5 Results

To test our hypotheses we use OLS regression analysis with the following dependent variables: vote in-

tention in the 2020 Presidential election as well as thermometer feelings concerning Trump and Biden.40

Our main independent variables are our experimental conditions, which are specified as a set of dummy

variables with the control group as the reference category. In this section, we first test the average im-

pact of our treatments on our outcome variables, before exploring further the conditional and mediating

effects outlined in our hypotheses.

5.1 Main effects

Table 1 reports the regression coefficients and standard errors predicting our three outcomes. Those

coefficients test the effects of our three Covid-19 priming treatments compared to the control group. In

these models we control for key demographics, which are exogenous to the treatment and which have

been shown to be important for US voting behavior. Models M1.1, M2.1, and M3.1 only include ethnicity

and religiosity, which remain imbalanced between our treatment and control groups.

The results confirm hypothesis 1, which stated that the economic crisis triggered by the pandemic

will harm Trump’s electoral prospects and help his opponent. Table 1 confirms that the expected vote

intention is about 7 to 9 percentage points lower for the treated group compared to the control group. This

effect is significant at the 5% level when including the full list of control variables (M1.2) and significant

at the 10% level when using a reduced number of controls (M1.1)41. The results are also robust to the

use of clustered standard errors by state (see Appendix 3, Model 6). In terms of thermostatic feelings,

being primed on the economic impact of Covid-19 reduces positive feelings towards Trump by between

40 In Appendix 3, Models 4 and 5, we further present the results, predicting vote intention using logistic regression
instead of a linear model. The results are unchanged.
41 In a randomized setup, an improvement in the significance of a treatment effect after including pre-treatment
covariates is due to an increase in the precision of the estimate (Imbens and Rubin 2015). This is especially the case
in the absence of multicollinearity or clear suppression effects, since our treatments are uncorrelated with these
additional covariates (see Appendix 2). The increase of the precision of an estimate is particularly likely when
there is within-treatment variability. This is consistent with our Figure 2, and with previous research showing
heterogeneous effects of economic perceptions (Duch et al. 2000; Evans and Andersen 2006; Duch and Stevenson
2010; Fraile and Pardos-Prado 2014).
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Table 1: Regression coefficients: Main treatment effects

M1.1 M1.2 M2.1 M2.2 M3.1 M3.2
Outcome Vote: Thermometer feeling

Trump vs Biden Trump Biden

Treatment (ref: Control)
Economy -0.072* -0.087** -5.875* -6.652* 3.643 5.971*

[0.043] [0.043] [3.510] [3.541] [3.359] [3.376]
Gov. Managment -0.040 -0.044 -4.110 -3.082 4.462 5.236

[0.043] [0.043] [3.509] [3.538] [3.364] [3.382]
Chinese virus -0.064 -0.060 -3.713 -2.871 5.564* 6.235*

[0.043] [0.043] [3.504] [3.540] [3.356] [3.378]
Religion

√ √ √ √ √ √

Ethnicity
√ √ √ √ √ √

Additional pre-treatment controls
√ √ √

Constant 0.684*** 0.700*** 64.830*** 65.204*** 40.222*** 40.406***
[0.041] [0.065] [3.318] [5.311] [3.172] [5.064]

Observations 986 966 1,102 1,068 1,096 1,066
R-squared 0.105 0.130 0.096 0.122 0.086 0.113

Significance levels: *** p≤ 0.01, ** p≤ 0.05, * p≤ 0.1. Source: Deltapoll online survey. Note: The table reports
coefficients and standard errors. The results are based on linear regressions predicting the three outcome
variables: A) Vote intention for Trump (1) over Biden (0); B) Thermostatic feelings towards Trump (0-100); C)
Thermostatic feelings towards Biden (0-100). The coefficients capture the impact of the three treatments in
comparison to the control group. Ethnicity and religiosity are included in all models as controls due to small
imbalances between the treatment groups. In models M1.2, M2.2, and M3.2 we additionally control for gender,
age, education and domicile. The full list of coefficients is reported in Appendix 3.

6 and 7 percentage points. This effect is however only significant at the 10% level. Figures 7.1 and 7.2

in the Appendix express the magnitudes of the main findings in this section in terms of predicted vote

shares for treated and control groups.

Turning to the other two primes of the Covid-19 crisis, we find no significant effects for the gov-

ernmental management of the crisis nor the possible connection of the pandemic to immigration. If

anything, both treatments seem to harm Trump, despite our expectation that framing the crisis as a “Chi-

nese virus” might help him (H6). The insignificant average effect of our political management treatment

is consistent with Acharya et al. (2020)’s conclusion that global public health issues have limited domes-

tic electoral effects. This also confirms that Covid-related performance is very much filtered by partisan

lenses (Grossman et al. 2020).

Appendix 3 also report the results of our control variables, which are all coded 0 to 1 to make com-
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parisons possible. The results confirm usual patterns. For example, Trump receives support from whites,

lower educated, rural respondents who are religious. These findings are hardly surprising. However, it

is worth noting that in terms of effect size the impact of the economy is similar to comparing rural and

urban voters, while the difference between black and white voters is about four times larger than the

economic impact of Covid-19.

In Appendix 4 we further present models that add partisanship, immigration and tax-spending prefer-

ences as additional controls to the models presented in Table 1. Our findings are robust to the inclusion

of these endogenous variables. It is interesting to note that neither voting for/against Trump nor his

thermostatic appeal are driven by the indicator we used to measure populist sentiments.

5.2 Covid-19 and the economy

In a next step, we further investigate whether the economic effect is conditional on respondents’ own

hardship, which we measure using subjective unemployment risk as well as income levels. Figure 3

plots the marginal effects of the economic treatment by these two conditional factors.42 Based on H2 we

expect the economic implications of Covid-19 to hit harder those most at economic risk. This is partially

confirmed when looking at income. As Figure 3.B confirms, the negative impact of the economic treat-

ment on voting for Trump over Biden is only significant for low-income respondents (below $50,000

annual, pre-tax household income). However, the confidence intervals of the estimation overlap across

all values of the moderating variable. This does not allow us to confirm that the strength of our economic

treatment differs across income groups.

Turning to the impact of subjective unemployment risk, the results presented in Figure 3.A are some-

what surprising. Based on our findings, the impact of the economic crisis is particularly strong among

those not at risk of loosing their jobs. When focusing on respondents at the lowest level of unemploy-

ment risk that got primed on the economic crisis, their likelihood to vote for Trump is 28 percentage

points lower than the control group. This is a strong effect, comparable to the partisanship effect (Inde-

pendents vs. Republicans, see Appendix 4). Based on H2 we expected the opposite. The finding might

be explained by a potential ceiling effect. Those most at risk of loosing their job in the current crisis do
42 Figures produced using the plottig package for Stata (Bischof 2017)
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Figure 3: Marginal effects of economic treatment by unemployment risk and income levels on vote for
Trump
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Note: The results are based on linear regressions predicting vote intention for Trump (1) over Biden (0),
interacting the economic treatment with subjective unemployment risk and income. The model controls for:
age, gender, education, domicile, ethnicity and religiosity. Appendix 5.1 further plots these interaction effects
for the thermometer feelings towards Trump and Biden.

not need to be reminded of the economic impact of Covid-19, as they are experiencing it directly. On

the other hand, among those not at risk themselves, the priming of the economic crisis has the expected

impact due to the increased salience of the topic.

H3 and H4 are tested with mediation analysis (Imai et al. 2011). The economic treatment is supposed

to increase populist attitudes (H3) and anti-spending and tax preferences (H4), and each of those me-

diators is in turn supposed to increase (decrease) vote intention and warm feelings for Trump (Biden).

Tables 2 and 3 report the Average Causal Mediation Effect (ACME) of our economic treatment (vs. the

control group) via populism and tax-spending preferences respectively, and compares it to the Average

Direct Effect (ADE) and the Total Effect (direct and mediated) of the economic treatment. Tables A6.1-

A6.3 in the Appendix report the effect of our treatment on the relevant mediators, and the effect of the

mediators on our outcome.43

43 Table 6.5 reports the effect of populism and tax-spending preferences on the outcomes, without adjusting by the
economic treatment.
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Table 2 shows insignificant ACME’s of the economic treatment via populist attitudes, and therefore

rejects H3. By contrast, the ADE of the economy significantly reduces vote intention and thermometer

feelings for Trump, and increases thermometer feelings for Biden. The significant total effects of the

economy are only equivalent to its direct effects, suggesting that populism had no role at mediating the

effects of the Covid-19 pandemic. Moreover, Tables A6.1 and A6.2 in the Appendix show that being

exposed to the economic treatment did not significantly increase populist attitudes in our experimental

setup, and that populist attitudes were not significantly related to voting for Trump. However, in order to

measure populism, we only relied on a single item capturing agreement with the idea that the people, and

not politicians, should make the most important policy decisions. While this particular item has proved

to have the strongest loading in underlying populist attitudinal scales in public opinion (Akkerman et al.

2014: 1333), more efforts should be made to better measure and test the multifaceted concept of populism

on the fate of Trump as an incumbent candidate.

Table 2: Economic effects mediated by populism

Trump vote Trump feeling Biden feeling
Average Causal Mediation Effect 0.000 0.008 -0.017
Average Direct Effect -0.069* -6.885* 5.848*
Total Effect -0.069* -6.877* 5.832
N 482 482 482

Significance levels: *** p≤ 0.01, ** p≤ 0.05, * p≤ 0.1. Source: Deltapoll online survey. Note: The table reports
causal mediation effects using the ‘mediation’ package in R (Imai et al. 2011). Significance tests obtained via
nonparametric bootstrapping after 1,000 simulations.

Table 3 rejects H4a, as the indirect effects of our economic treatment via tax and spending preferences

are far from reaching statistical significance when predicting our three outcomes. Table A6.4 in the

Appendix also rejects H4b, which looks at the same effects among high-income respondents only. This

result does not mean that economic preferences did not matter, however. Table A6.3 in the Appendix

shows very strong effects of economic policy preferences on vote intentions in the expected direction:

anti-tax and spending positions are positively (negatively) correlated with supporting Trump (Biden).

However, as shown in Table A6.1 in the Appendix, the economic crisis had no significant impact on

those preferences. In sum, our mediation analyses confirm the important role of economic preferences

in the 2020 US Presidential election, even if their effect was independent from the Covid-19 crisis.
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Table 3: Economic effects mediated by tax and spending preferences

Trump vote Trump feeling Biden feeling
Average Causal Mediation Effect 0.003 0.270 -0.284
Average Direct Effect -0.072* -7.148** 6.116*
Total Effect -0.069 -6.877* 5.832
N 482 482 482

Significance levels: *** p≤ 0.01, ** p≤ 0.05, * p≤ 0.1. Source: Deltapoll online survey. Note: The table reports
causal mediation effects using the ‘mediation’ package in R (Imai et al. 2011). Significance tests obtained via
nonparametric bootstrapping after 1,000 simulations.

5.3 Crisis management and the elderly

In a next step, we further investigate the impact of the governmental management prime. As shown in

Table 1, we do not find a significant effect of this treatment across all respondents (H5a). However, based

on H5b we further expect the handling of the crisis to mainly impact older voters, who are most at risk

of experiencing severe health consequences from Covid-19. The results of an interaction between our

government management treatment and age are presented in Figure 4, illustrating the marginal effects of

the treatment on Trump versus Biden vote intention. We model age in two different ways. Figure 4.A

models age as a linear effect, while Figure 4.B allows for a more flexible non-linear function, including

quadratic and cubic specifications of age.

The results presented in Figure 4 strongly confirm our hypothesis that older voters are particularly

receptive to the management of the crisis. No matter how we model the age effects, respondents above

55 exposed to the performance treatment exhibit significantly less support for Trump compared to the

control group. The same pattern is also visible when looking at feeling thermometers or using a binary

age specification distinguishing below and above 55. The additional results are presented in Appendix 5.3

and 5.4. Our results also indicate a significant curvilinear pattern, in line with recent research analyzing

the relationship between age and compliance with Covid-19 preventive measures (Daoust 2020). In our

experiment, the group between 55-70 years old was the most significantly responsive to the political

performance treatment, especially in comparison to the group between 25-35 years old.

This subsection is revealing a substantial impact of the pandemic on an important group of voters

that helped Trump win the election in 2016. The exit polls conducted every presidential election by
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Figure 4: Marginal effects of government management treatment by age on vote for Trump
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B. Non-linear age effect

Note: The results are based on linear regressions predicting vote intention for Trump (1) over Biden (0). The
model controls for: gender, education, domicile, ethnicity and religiosity. Appendix 4.2 further plots these
interaction effects for the thermometer feelings towards Trump and Biden.

Edison Research for the National Election Pool suggest that the micro-mechanisms found here might

have shaped to some extent the actual outcome of the election. In 2016 Trump won by 8-9% over

Clinton among voters above 45 years old.44 In 2020, the electoral advantage of Trump in that age group

shrank to 1% among the 45-64 year-old and 5% among voters above 64. Based on our findings, we

conclude that this key age group in part abandoned Trump as a response to how his government managed

the pandemic.

5.4 Is this an immigration crisis?

In the lead up to the election, President Trump often referred to Covid-19 as the “China virus”, stoking

anti-immigrant sentiments, which were an important driver of his electoral success in 2016. As we saw

above in Table 1, we did not find a direct effect of priming respondents on the potential connection

44 Results can be accessed here: https://www.nytimes.com/interactive/2016/11/08/us/politics/

election-exit-polls.html.
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Figure 5: Marginal effects of immigration treatment by immigration preferences on vote for Trump
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Note: The results are based on linear regressions predicting vote intention for Trump (1) over Biden (0). The
model controls for: gender, education, domicile, ethnicity and religiosity. Appendix 5.5 further plots these
interaction effects for the thermometer feelings towards Trump and Biden.

between the pandemic and immigration (H6a). However, we theorized that the impact of this prime

could be conditional on a respondent’s anti-immigrant policy preferences (H6b).

In Figure 5 we plot the marginal effects of the “China virus” prime by immigration preferences. The

figure overall confirms that the treatment had no significant effect on support for Trump, no matter

the level of anti-immigration policy preferences. We therefore conclude that attempts to link Covid-

19 to anti-immigration anxieties were not effective. One possible limitation of this conclusion is that

the primes on immigration and the Chinese origin of the virus contained in the same vignette might be

sending mixed messages. However, there is no clear theoretical argument or empirical strategy to discern

whether this was indeed the case. It is nevertheless important to note that according to the findings

presented in Appendix 4, anti-immigration preferences are one of the strongest drivers of support for

Trump, independently of Covid-19.

5.5 Seeing the Coronavirus outbreak through partisan lenses

Lastly, we investigate whether the impact of the pandemic is conditional on partisanship. Based on H7,

we expect the priming effect of the different aspects of Covid-19 to be stronger for weak partisans and

independents. To test this hypothesis, we condition the impact of our three treatments on partisanship,
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Figure 6: Marginal effects of Covid treatments by partisanship on vote for Trump
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Note: The results are based on linear regressions predicting vote intention for Trump (1) over Biden (0). The
model controls for: gender, education, domicile, ethnicity and religiosity. Appendix 5.6 further plots these
interaction effects for the thermometer feelings towards Trump and Biden.

distinguishing between 1) Democrats, 2) Republicans and 3) weak partisans and independents. The

results are presented in Figure 6, which plots the marginal effect of each treatment by partisan group on

vote intention for Trump over Biden.

Based on the test of H7, we find no differential impact of our treatments by partisanship. The impact of

the crisis - whether economic, governmental management or immigration - is not conditionally affecting

vote intention for Trump for different partisans. We only find two significant, conditional effects for

feelings towards Biden (see Appendix 5.6). As expected in H7, the government management treatment

has a positive impact only among independents, increasing positive feelings towards Biden. Interestingly,
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the priming of the crisis as a “China virus” impacted Republicans positively towards Biden. This is a

surprising finding indicating that, if anything, attempts of the sitting President to divert responsibility for

the Covid-19 crisis helped the electoral prospects of the Democratic challenger.

In sum, this section has revealed three main findings. Firstly, Covid-19 affected the electoral support

for Trump negatively, mainly due to the economic downturn. Secondly, this effect is conditioned by

personal economic situations. The economic effect is significant at low levels of income, and particularly

pronounced among those least at risk of loosing their jobs. We interpreted the latter finding as a ceiling

effect, whereby respondents feeling likely to become unemployed already had the economic downturn

in mind. Thirdly, the mismanagement of the crisis has a strong negative impact among older voters.

6 Conclusion

The victory of Donald Trump in the 2016 Presidential election and the significant support that he received

in 2020 raise questions on the role of democratic accountability, authoritarianism, and illiberal populism

in contemporary US politics.

When looking at endogenous predictors, our results show that partisanship and anti-immigration pol-

icy preferences are among the strongest drivers for Trump’s support. This is consistent with the thesis

that out-group hostility and authoritarianism (understood as some form of social conservatism) are core

components of Trump’s social base (Inglehart and Norris 2017; Sides et al. 2017; Hooghe and Dasson-

neville 2018; Mutz 2018; Reny et al. 2019). At the same time, however, Trump also fitted the portrait

of a canonical Republican candidate in 2020. His electoral support strongly benefited from anti-tax pol-

icy preferences (with identical magnitudes to the effect of immigration preferences), race divides, and

religiosity.

The strong effects of the Covid-19 pandemic also point towards the conclusion that Trump was as-

sessed as a standard incumbent and not as a perennial political outsider with no responsibility over the

economic and political turmoil experienced by the US at the time of the election. Our survey experiment

revealed exogenous effects of the economic downturn beyond partisanship and other confounders, reduc-

ing vote intentions by 7-9 percentage points among those exposed to economic information. The political
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management of the health dimension of the crisis did not have significant average effects, suggesting that

Covid-related performance is filtered by partisanship and individual circumstances (Acharya et al. 2020;

Grossman et al. 2020). However, public health performance massively decreased vote intentions among

voters above 55 years old, and marginally increased warm feelings towards Biden among independents.

Attempts to frame the crisis as a ‘Chinese virus’ had no electoral effects, and if anything, attempts to

elude responsibility in this way marginally backfired precisely among Republican identifiers.

Despite the unusually toxic and polarized campaign environment, the results above point towards a

high degree of rationality and even normality behind the 2020 outcome. The effects of the crisis are

perfectly consistent with predictions based on standard economic voting and valence models of voting

behavior (Duch and Stevenson 2008; Green and Jennings 2017), and cross-cut partisan divides. Not

only democratic accountability seemed to play a strong role by punishing an incumbent in bad times,

but the effect of populist attitudes on Trump’s support proved to be negligible in the context of our

experiment. This result is in line with recent research questioning the importance of populist attitudes

when explaining the electoral success of nativist candidates (Art 2020). However, future research should

devote more efforts to better measure and test the role of populism in Trump’s 2020 electoral base than

our experiment allowed.

In terms of the external validity of our results, a survey experiment is inevitably circumscribed by

the choice of specific primes, and by the context in which they were received. It is also true that our

experiment is embedded in a high-quality sample representative of the US population, and fielded during

the electoral campaign. While our analyses do not attempt to forecast the vote percentages that candidates

got from different subgroups in real life, they do show exogenous causal effects of different aspects of

the Covid-19 crisis on vote intentions. Those effects were observed at a time when the pandemic and

elections were salient issues in the public debate, and when potentially many voters were making up

their minds. It is therefore reasonable to conclude that the Covid-19 pandemic played a significant role

in Trump’s electoral demise.

The 2020 US Presidential election will probably be perceived by many as a singular event. However,

our findings could potentially inform future research on the fate of populist incumbents at a time of crisis

beyond the US, like in Brazil or Eastern Europe. Our study implies that political outsiders can face

34



a particularly high governing cost once in power (van Spanje 2011). While the electoral prospects of

anti-immigrant candidates in the US and other countries is very strong, it is unclear that populist illiberal

leaders will be able to systematically elude democratic accountability in the future.
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