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Abstract—This paper is dealing with a new research and
development platform for the development of Factory of the
Future Production System, referred to as ZIMS (Zilina
Intelligent Manufacturing System). ZIMS is a new, open and
collaborative environment, supporting creativity, inventing new
solutions and their practical implementation in the form of new
innovative products. ZIMS is based on holonic based, what
brings many opportunities to develop new intelligent solutions
for industry.
Factory of the Future; Zilina Intelligent Manufacturing
System; Digital Factory

I.

The layout of workplaces in ZIMS (Fig. 1) is
represented an area of more than 1000 m2 (Fig. 2). As
shown in Figure 1, the layout of workplaces in ZIMS was
carried out on the basis of the logic of development of
innovation. It starts with the idea and its presentation in
Virtual Reality, Rapid Prototyping and product testing,
design of production processes, configuration of the
production system using Digital Factory Technologies It
finishes with the practical realization of the product in the
production system.

INTRODUCTION

The globalized economy is strongly influenced not only
by economic cycles but also a rapid change in customer
behavior, which result in turbulences. Business community
should continually find new ways to respond to these
incentives. One of the effective solutions is the use of
reconfigurable manufacturing systems.
In the world runs intensive research into Factory of the
Future Production System. The EU has launched extensive
research programs dedicated to Factory of the Future and
Intelligent Manufacturing Systems (IMS), Smart
Manufacturing. The goal of all these efforts is to develop a
new production system using advanced technology,
which will enable to satisfy demanding customer
requirements in the future.
Authors of the paper describe a new research and
development platform for the development of Factory of
the Future Production System, referred to as ZIMS (Zilina
Intelligent Manufacturing System).
II.

Figure 1. Layout of workplaces in ZIMS.

ZILINA INTELLIGENT MANUFACTURING SYSTEM

A. ZIMS – New Research and Development Platform
Response to the latest trends in the area of Factory of
the Future Production System is the emergence of new
research platform – ZIMS. This research platform was
created in cooperation of CEIT, a. s., Slovakia (Central
European Institut of Technology) spin off the University of
Žilina, Technical University of Košice, technological and
industrial partners. ZIMS responds to trends with the digital
transformation of Industry – or Industry 4.0 Europe [1].
ZIMS uses the most advanced technologies for the
design, optimization and operation of Factory of the Future
(FoF), especially in the area of: Digital Factory and Digital
Engineering, Virtual Engineering, Reverse Engineering,
digitization (3D laser scanning), Rapid Prototyping, virtual
testing, computer simulation and emulation, etc.
This paper is the part of research supported by project VEGA 1/1146/12

Figure 2. Concept of CPS in ZIMS.

ZIMS is a new, open and collaborative environment,
supporting creativity, inventing new solutions and their
practical implementation in the form of new innovative
products.

This environment fully supports experimentation with
new, unknown issue and search of non-traditional
approaches to solving existing problems. ZIMS also serves
as an incubator latest technology.
B. ZIMS – Cyber-Physical System
ZIMS, as a system is built in three different worlds: the
real, the virtual and the digital (Fig. 3), where their interface
is created a Cyber-Physical System (CPS) ensuring a direct
integration of virtual, digital and real world [2].
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Figure 3. Concept of CPS in ZIMS.

entities of system. Their interactions can be either
cooperative or selfish within the defined level of action.
Agents receive tasks from higher level of holarchy, but their
solutions are carried out autonomously. Intelligent agent is
a natural or computing system that is able to perceive their
environment and on the basis of the monitoring carried out
actions, which fulfilling the global objectives of the system.
Multi-agent systems (MAS) can be considered an
elementary part of distributed artificial intelligence, which
forms the conceptual framework for modeling of
comprehensive systems. MAS is defined as a loosely bound
network consisting of researchers of generated tasks. MAS
platform represents distribution, autonomy, interaction (i.
e. communication), coordination and organization of
individual agents.
D. Knowledge environment - learning from the process
Fig. 4 represents the principle of building a knowledge
environment that will encourage learning systems of active
processes [2]. This approach is validated in research area of
technology for the industrial production of large optical
single crystals.

Smart Factory – is built as an agile system that is able
to adapt rapidly to changing customer requirements.
Intelligent
features,
automation,
and
robotics,
reconfiguration, automatic control, simulation and
emulation technologies are used to create rapid change.
Virtual Factory – virtualization technology and data
integration are used to represent the dynamics of real
enterprise. Virtual Factory represents cyber feature of real
enterprise and virtual representation of all its elements. It
uses data from sensors, actuators, video and audio
information, biometric data, etc. In real time creates a
virtual image of functioning of enterprise.
Digital Factory – digitalization and digital technologies
are used to integration of all activities within product life
cycle and production systems. Digitizing, modeling,
simulation and emulation are used to understanding of
comprehensive manufacturing processes and creation of
new knowledge, which is used for optimization of real
production systems. In contrast to virtual factory, digital
factory do not use real data, but use data for example from
simulation.
C. ZIMS - Holonic Concept
ZIMS represents a pilot project of Intelligent
Manufacturing Systems, which is composed of workplaces
that communicate with each other through Holon [3].
Holons form comprehensive holarchy.
The strength of holonic organization, or holarchy, is
that it enables the construction of very complex system that
are nonetheless efficient in the use of resource, highly
resilient to disturbance and adaptable to changes in the
environment in which they exist [4].
The proposed Holonic concept of manufacturing
system is used for control and monitoring of individual
activities multi-agent system (MAS). The functioning of
holonic systems are based on the use of autonomous ability
of agent. The agents are considered to be autonomous

Figure 4. System of learning from the process.

Physical production system in ZIMS is controlled using
a multi-agent system (MAS). When experimentation and
development management for large-scale production of
optical single crystals are used logic control system
developed in ZIMS. It is based on a system of learning
processes and uses meta-modeling approach. The control
system communicates directly with the knowledge system.
Knowledge-based systems used for decision support
computer simulation (simulator). The simulator performs a
set of simulation experiments. From the statistical data are
obtained using multiple nonlinear regression analysis
generated the desired meta-models. The resulting metamodels are used for making predictions about the future
behavior of the controlled system (prediction) and these
prediction amenities for Aproximativ production
management.
Aproximativ
(gross)
production
management, represented by a set of metamodels is
cyclically refined, using feedback (data) of real processes
and new use of simulation. This creates a closed system of
learning process, and its base is built and own knowledge

system. It is integrating the explicit knowledge (for
example, models created in the past, the knowledge gained
in the past, new explicit theoretical knowledge) and
formalized implicit knowledge (conceptual system
designers, analysts existing system).
III.

INTELLIGENT, MODULAR PRODUCTION CONCEPT

Intelligent Modular Production is one of the workplaces
that is built in ZIMS and represents a pilot project for
intelligent, modular production solutions.
Intelligent Modular Production is research and
experimental workplace, where are developed five
subsystems:
•

The Intelligent Modular System of Quality Control
(InMoSys QC).

•

The Intelligent
(InMoSys AS).

•

The Intelligent Modular Automated Guided
Vehicle System (InMoSys AGV).

•

The Intelligent Modular Robotic Machining
System - InMoSys RMS-3.

•

The Intelligent Modular Storage System (InMoSys
ST) [5].

Modular

Assembly

System

Figure 5. The logistics towing units of program Aurora.

These autonomous towing units were developed in the
base of the requirements of the automotive industry, in
cooperation with Volkswagen, Slovakia. The resulting
solution is the Modular Reconfigurable Logistics System.
The following Fig. 6 shows the application of this
logistics solution in the automotive industry. As is shown,
the system uses automatic identification of towing units
position, custom navigation, monitoring and control
system, which is integrated to the Production Planning
System.

The principle of Intelligent Modular Production
activities can be described simplistically on the basis of the
logic of processing of a product.
It starts with the inputs from the input/output storage
system InMoSys ST, from which the material is conveyed
to the workplace InMoSys RMS-3. There is machined into
the desired shape (volume, shape, texture, size, etc.). The
processed part is transported by the InMoSys AGV to the
quality control workplace InMoSys QC, wherein the
control operations are carried out (precision, dimension,
size, etc.).
High-quality parts are further transported by InMoSys
AGV to assembly workplace InMoSys AS, which are
shared with other parts already assembled into the final
product. The final products are transported to the inputoutput storage system InMoSys ST.
IV.

Figure 6. The logistics concept of CEIT.

The following Fig. 7 shows the deployment of current
system AURORA in the automotive industry.

SYSTEM INNOVATION OF INTERNAL LOGISTICS

A. The Logistics Towing Units
Reconfigurable manufacturing systems are proposed
(of several authors) as a solution to unpredictable
fluctuations in market demand and market turbulence [6],
[7], [8], [9], [10].
An example of an innovative development using the
latest Internet of Things technologies is an autonomous
logistics system developed in the framework of research
ZIMS [11]. This system uses the logistics towing units
Aurora, from the company CEIT (Fig. 5).

Figure 7. The logistics concept of CEIT.

The development of autonomous mobile robotic control
system is implemented in its own development platform
Ella® that uses virtual reality and digital models of
individual elements of the proposed system. Dynamic
verification of the functioning of the system in operating
conditions is implemented through computer simulation
and emulation (Fig. 8) in the environment of Ella SIM
system [12].

Figure 8. Simulation/emulation environment of Ella SIM system.

The preparation for implementation (Fig. 9) is
performed off-line, in the environment of Ella VUP, in the
system of virtual commissioning [13]. This approach
allows in advance, supported by simulations to undertake
predictive studies and optimization [14].

One way to facilitate the design of the production
system in virtual reality and simulation is to use our own
software solution (Fig. 11), referred to as Virtual Design of
Manufacturing Systems (VDMS). The trade name of
VDMS is CEIT Table [15].

Figure 11. CEIT Table.

CEIT Table represents an integrated solution for
support intuitive, team-oriented design of production and
logistics systems.
It supports the productivity growth of the design
process; it also fully supports the elimination of inefficient
decisions in the process of preparation of innovation
projects.
The customers have the opportunity to try out the
activities of their Factory of the Future Production in the
environment of virtual reality and augmented reality
(CAVE - Computer Aided Virtual Environment). It was
labeled as Adaptive Haptic Virtual Collaborative
Development Environment (HVACDE) (Fig. 12).

Figure 9. The virtual commissioning Ella VUP.

Digital Factory Technologies enabled the development
of the company's own decision-making approach for
analyzing potential for developing innovations (Fig. 10).
The first step, it is evaluated the innovative concept and
technological feasibility of the innovation (it finds out if:
Does the innovation work?). In the second step, it is tested
the significance of innovation, it is determined the market
potential and market interest in innovation (to find out if:
Does a customer buy this product?).

Figure 12. CAVE.
Figure 10. Decision-making on innovation.

There are also technologies for haptic, special virtual
reality headset for 3D dynamic effects (Oculus Rift), or the
latest experimental technology for brainwave reading
device (EPOC) (Fig. 13).

The whole logistics system will be linked via the
Internet of Things to cloud solutions so that all system
information will be stored online and will be accessible in
the cloud.
Operational interventions will be done after connecting
to the internet from an arbitrary point in the world.

Figure 13. Oculus Rift and EPOC.

The enterprise will not need already undertaking its
own IT solutions, servers and data repositories on first use
of this solution, but will use Direct Memory Access
Databases, which allow enormous acceleration of IT
communications in industry.

The latest development is oriented to the wider use of
Digital Factory Technologies and advanced information
and communication technologies [16]. All devices in
developing logistics system will automatically monitor
through sensors. Their current status (operation, failure,
downtime, etc.) will be available to any other element of
the production system.

Using the Data Centric Computing Deep Computing
Architecture will run all important calculations at the point
of data collection, which will further accelerate real-time
communication. [16].

In the development is the solution, in which each
product will be carried (as one of the attributes) all the
information, which will be required for processing in the
base of the current status of the production system.

Interface of controlled enterprises with social networks,
households, public buildings, transport systems and
vehicles is created a new environment – cyberspace.

Intelligent pallets in developing manufacturing system
will be equipped with its own processor and will be capable
of optimizing of processing of their contents in production.
Mobile robots will be fully autonomous and the order for
transport will directly receive from the processed products
or pallets.

This research is funded by CEIT; spin off the University
of Zilina and the Technical University of Košice.

This cyberspace can no longer function without
artificial intelligence. For a description of such
comprehensive systems will require special descriptive
language. This language was developed in SRN – Unified
Service Description Language (USDL).
V.

CONCLUSION

Operation of all elements of the system will be
constantly monitored and on the basis of this operation will
be carried out predictions of potential fault conditions or
interruption of system operation and will be immediately
implemented some countermeasures.

Nature is as a comprehensive, self-organized, holonic
system. A human is also made up of small, autonomous
units - Holon, which create together larger self-organized,
comprehensive units and this units form a comprehensive
holonic system – a human.

An innovative approach to planning, evaluation of
audits, deadlines and workshops in order to obtain outputs
interactively, with room on-line display of the selected
group of workplaces (Fig. 14).

Nature creates biological systems and enables their
further development through evolution, towards the highest
form of organized mass - Intelligent Systems.

There is possible to control not only the planned date,
outputs of the analysis in tables and graphs but also to
watch video recording or other desired plan activities.

Biological systems represent the most effective and
efficient production systems that humanity knows. These
systems serve scientists as role models in creating
"artificial" mechanisms that imitate nature, for the
production of new products.
Learning from Nature has become one of the most
important resources for further development of humanity.
Biological systems represent the most effective and
efficient production systems that humanity knows. These
systems serve scientists as role models in creating
"artificial" mechanisms that imitate nature, for the
production of new products.

Figure 14. Innovative planning board.

Comprehensive simulation models whose input will be
sensors of service consumption (energy, materials, etc.)
will enable the optimization in real time.

The Advanced Factory of the Future Production
Systems may come increasingly closer to optimized
biological systems by evolution and will use the latest
scientific breakthroughs in artificial intelligence,
nanotechnology and information and communication
technology (ICT).
Nowadays, research teams are developing the
Advanced Factory of the Future Production Systems in
Zilina.
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Abstract— Foreseeing changes in the way companies manufacture
products and provide services, future trends are emerging in
design and manufacture. Together with growing internet
applications and technologies connected through the cloud, a new
Industrial Revolution, named “Industry 4.0”, aims to integrate
cyber-virtual and cyber-physical systems to aid smart
manufacturing, as presented in this paper. Connecting
information and physical machinery, this new paradigm relies on
how effective and fast connectivity are achieved for Industry 4.0.
A new generation of wireless connection, 5G, will help and
accelerate this trend. Following analysis of the present cyberphysical integration for the 4th Industrial Revolution, this paper
also investigates future methodologies and trends in smart
manufacturing, design and innovation.
Keywords- Cyber-physical integration; cyber-physical systems;
Industry 4.0; smart manufacturing; networked autonomous
production; CAD; CAutoD

I.

INTRODUCTION

Design and manufacture are currently moving to a new
paradigm, targeting innovation, lower costs, better responses to
customer needs, optimal solutions, intelligent systems, and
alternatives towards on-demand production. The concept that
highlights this significant evolution is “Industry 4.0” (I4),
dubbed the “4th Industrial Revolution” [1], with associated
concepts of networked embedded systems, cyber-physical
systems (CPS), smart factory, Internet of Things (IoT), Internet
of Services (IoS) and “Internet+”, to name but a few. All these
trends have in common the integration of several features in the
same place as a response to challenges of computerized
decision making and big data that are proliferated by the
internet and cloud computing (CC).
To gauge the development and trends, this paper aims to
analyze cyber-physical integration for design and
manufacture, and to present a timely survey on Industry 4.0.
Section 2 set the scene of Industrial Revolutions (IRs), with
cyber-physical systems detailed in Section III. Necessary
information and communication technologies (ICT) are
analyzed in Section IV. Conclusions are drawn and future
agendas are discussed in Section V.
II.

INDUSTRY 4.0 – AN EVOLUTIONARY REVOLUTION

A. What Industry 4.0 Is
Ever since the beginning of industrialization, technological
advances have led to socio-economic paradigm shifts which are

A. A. Flores Saldivar is grateful to CONACYT for a Mexican Government
scholarship. Y. Li and W.-N. Chen are grateful to the Royal Society and
National Science Foundation of China for the support via a Newton Fund.

today termed “industrial revolutions”, i.e., mechanization with
steam power for the 1st IR Î electrical energy for mass
production in the 2nd IR Î automated production with
electronics and control in the 3rd IR. Today, with advances in
digitalisation and the internet, “smart manufacturing” and
“smart factories” are becoming a reality, where the
manufacturing value chain in the physical world can be
integrated with its virtual copy in the cyberspace through CSP
and IoT, and then be seamlessly integrated with IoS. Tempted
by these future expectations, the term “Industrie 4.0” or
“Industry 4.0” was coined a priori by the German government
promoting their “High-Tech Strategy 2020 Action Plan” in
2013 for a planned “4th industrial revolution” [2]-[4].
The terminologies “Smart Industry” and I4 describe the
same technological evolution from the microprocessor
embedded manufacturing systems to the emerging CPS, smartly
linking (i) demand to (ii) manufacture, (iii) supply, and (iv)
services by the internet. Via decentralising intelligence, object
networking and independent process management interact with
the virtual and real worlds, heralding a crucial new aspect of
future industrial production process that integrates the above
four processes. In short, I4 represents a paradigm shift from
“centralised” to “decentralised” production, a reversal of the
logic of production process thus far. The design principles of I4
components are shown in Table 1 [4].
Table 1 Design Principles of I4 Components

Design

Smart
Factory

CPS

IoT

IoS

Interoperability

X

X

X

X

Virtualisation

X

-

-

X

Decentralisation

X

-

-

X

-

-

-

X

Real-Time Capability
Service Orientation
Modularity

-

-

X

-

-

-

X

-

B. Importance of the Strategised Industry Revolution
The first three industrial revolutions came about as a result
of centralization for production. Now, businesses will establish
global networks that incorporate their machinery, warehousing
systems and production facilities in the shape of a cyberphysical system, comprising “smart machines”, storage systems
and production facilities capable of autonomously exchanging
information, triggering actions and controlling each other
independently.

These form a “smart factory” that allows individual
customer requirements to be met, whilst efficiency obtained in
automated production is maintained. This means that even oneoff items can be manufactured profitably. In Industry 4.0,
dynamic business and engineering processes enable last-minute
changes to production and offer the ability also to respond
flexibly to disruptions and failures. End-to-end transparency is
provided over the manufacturing process, also facilitating
optimized design and decision-making. Further, Industry 4.0
will result in new ways of creating value and novel business
models. In particular, it will provide start-ups and small
businesses with the opportunity to develop and provide
downstream services. To both developed and developing
economies, I4 will reduce factory-floor requirements and help
progress of humanity.
III.

CYBER-PHYSICAL INTEGRATION

A CPS collaborates computational entities which are in
intensive connections with their surrounding physical world and
on-going processes, providing and using, at the same time,
data-accessing and data-processing services available on the
internet [5]. A cyber-physical production system relies on the
newest and foreseeable further developments of computer
science, ICT, and manufacturing science. Concepts like
autonomous cars, robotic surgery, intelligent buildings, and
implanted medical devices are just some of practical examples
that have already emerged in Research and Developments
(R&D) [6].
A. Design of a Cyber-Physical System
Cyber space and virtual systems represented by ICT are
now getting integrated with physical control and production
systems. This integration is enabling compression of
development cycles by reuse of existing methodologies,
methods, models, tools and techniques, encapsulated in
integrated and customized models and components that can be
rapidly used in an innovative or creative design. The unique
challenges in CPS integration emerge from the heterogeneity of
components and interactions. This heterogeneity drives the
need for modelling and analyzing cross-domain interactions
among physical and computational and networking domains,
which demands deep understanding of the effects of
heterogeneous abstraction layers in the design flow [7].
Figure 1 illustrates a well-funded approach to cyberphysical integration to meet design principles, mainly proposed
in [8]. It highlights that analysis is a key issue in current CPS
developments, integrating various objects, design methods and
tools, aspect-oriented development methods and tools, multidomain physical modelling methods and tools, and formal
methods that address different aspects of the development
process of CPS. Systems specification, modelling and design
method integration involve many aspects of integration at
different levels, including:
•

Integration of
communication
dimension;

•

Integrated object-oriented methodology, multi-domain
methodology, aspect-oriented methodology and formal
techniques;

•

Integration of different design views;

the physical world dimension,
dimension
and
computation

•

Integration of the methods used to specify and
implement systems requirements;

•

Integration of tools that support these methods;

•

Integration of physical components and cyber
components;

•

Integration of different representations;

•

Integration of the multiple specification fragments
produced by applying these methods and tools; and

•

Integration between informal specification methods
and formal specification methods.

Model, Methodology and Tool Integration are detailed in
the following sections. These aspects help investigate future
directions and trends in Industry 4.0.

Multi–domain, 00,
Component–oriented,
model–based, aspect–
oriented, formal techniques

Physical world
dimension,
Communication
dimension,
Computation
dimension
Physical view, functional
view, behaviour view, spatial
view, temporal view,
performance view, Date
view and hardware view

OSATE, TOPCASED,
STOOD, CHEDDAR,
OCARINA, Open Modelica,
Simulink, SCADE,
UPPAAL, Eclipse, Matlab,
Rhapsody, EsterelEDICT
00 models, aspect–oriented models,
Component models, multi–domain
models, data flow methods, state
machine models, process algebra,
Temporal logic, petri net, WCET,
Scheduling models, RCC
AADL, SysML, UML, Modelica,
SCADE, MARTE, ModelicaML Petri
nets, Hybrid Automate, Timed
automata, RCC, Formal methods

Figure 1. Integrated Approach to develop CPS.

B. Model Integration for Manufacturing-Aware Design Flow
As discussed, it is important to develop methodologies that
integrate models, techniques, and tools that can be used in a
design customized within its models and components.
Components and models in a CPS are heterogeneous, spanning
multiple disciplines (physical – thermal, mechanical, electrical,
fluid,… and cyber – software, computing, cloud…). These
require multiple models to represent the physical aspects,
requirements, architectures, behaviours, spatial-temporal
constraints, and interfaces, at multiple levels of abstractions [8].
Model and component-based design have been recognized
as key technologies for radically changing productivity with
CPS. Model-based design uses formal and sufficiently complete
models, processes, their environments, and their interactions.
The goal of a model-based design is “correct-by-construction”,
where properties of the synthesized models of the designed
system predict the properties of the implemented or
manufactured system with sufficient accuracy [9]. As a result,
an integrated tool suite called OpenMETA has been developed
to provide a manufacturing-aware design flow, which covers
both cyber and physical design aspects. A new integration

model for the OpenMETA suite was proposeed in [9], as shown
in Figure 2. Basically, the design flow is implemented as a
multi-model composition/synthesis process that incrementally
shapes and refines the design space using foormal, manipulated
models. It includes analysis and testing steeps to validate and
verify requirements and to guide the design process to achieve
least complexity, and therefore the leastt risky and least
expensive solutions. For example, the Adaptive Vehicle Make
(AVM) [10] project, funded by the Defense Advanced
A
Research
Project Agency (DARPA), has constructed a fully integrated
model and component-based design flow forr the make process
of a complex CPS.

(
that define structural and
3) Design Space Models (DSM)
architectural variabilitiies;
4) Test Bench Models (T
TBM) representing environment
inputs, composed systeem models connected to a range
of testing and verificaation tools for key performance
parameters; and
5) Parametric Explorationn Models (PEM) for specifying
regions in the design sppace to be used for optimization
and models for compplex analysis flows producing
results such as Probabilistic
P
Certification of
Correctness (PCC).
The first emphasis is placedd on the development of a model
integration language, so as to adddress heterogeneity to cover all
relevant views of multi-physics and cyber domains and to
achieve compositionality. Heteerogeneity of the multi-physics,
multi-abstraction and multi-fideelity design space, and the need
for rapidly evolving/updating design
d
flows require the use of a
rich set of modelling languages usually influenced/determined
by existing and emerging modeel-based design, verification and
simulation technologies and toools. Consequently, the language
suite and the related infrastruucture cannot be static; it will
continuously evolve. Then the second development is
methodology integration in this framework [9]

Figure 2. Model Integration: OpenMETA framework.

The main procedures of this design flow sketch the
following phases:
1) Currently combinatorial or future intelligent design
space exploration and architecture evvaluation;
2) Behavioural design space exploratioon by progressively
deepening from qualitative discreete behaviours to
precisely formulated relational abbstractions and to
quantitative multi-physics, lumpedd parameter hybrid
dynamic models using both deterministic
d
and
probabilistic approaches;
e
coupled
3) Geometric/structural design space exploration
with physics-based nonlinear finite element
e
analysis of
thermal, mechanical and mobility prroperties; and

C. Method Integration
To integrate modelling lannguages for CPS environments,
mathematical models in thiis sense can bring together
abstractions that are imported from individual languages and
required for modelling cross-doomain interactions. Proposed in
[9], a language called CyPhyyML is constructed as a lightweight, evolvable, composable integration language that is
frequently updated and morpheed. While these DSMLs may be
individually quite complex (e.g.., Modelica, Simulink, SystemC,
etc…) ChyPhyML is relativelyy simple and easily evolvable.
This “semantic interface” betw
ween CyPhyML and the domain
specific modeling languages (DSML)
(
shown in Figure 3 is
formally defined, evolved as neeeded, and verified for essential
properties (such as well-formeddness and consistency) using the
methods and tools of formal meta-modelling.
m
By design, CyPhyML is moving in the oppoosite direction to unified system
design languages, such as SyySML or AADL. Its goal is
specificity as opposed to generality,
g
and heavy weight
standardization is replaced by laayered language architecture and
specification of explicit semantiics.

4) Cyber design space exploration (bboth hardware and
software) integrated with system dynnamics.
As highlighted in Figure 2, these elemennts reflect the drive
train challenge for the AVM developmentt, emphasizing the
3D/CAD tools and finite element analysis for verifying blast
protection and hydrodynamic requirements remaining on the
basic structure of the integration architecturee. In synthesis, the
modelling functions of the OpenMETA desiggn flow are built on
the following model types [9]:
M) with standard,
1) AVM Component Models (ACM
composable interfaces;
2) Design Models (DM) that desscribe component
architectures and related constraints;;

Figure 3. Method Inntegration Framework.

Mathematically precise formal
f
semantics for model
integration have been developedd for introducing dynamic model

integration. The key is to define the structurral and behavioural
semantics of the CyPhy model integratioon language using
formal meta-modelling, a tool support form
mal framework for
updating the CyPhy metamodels and verrifying its overall
consistency and completeness as the moodeling languages
evolving. In this case, the meta-modellingg tool FORMULA
from Microsoft Research can be used. This toool is sufficient for
defining mathematically modelling domainns, transformations
across domains, as well as constraints over
o
domains and
transformations, since they are algebraic dataa types (ADTs) and
constraint logic programming (CLP) based seemantics.
In Figure 2, it is observed as part of the Model Integration
that a large suite of modelling languages annd tools for multiphysics, multi-abstraction and multi-fideliity modelling are
Bond
Graphs,
included;
OpenModelica,
Dymola,
Simulink/Stateflow, STEP, ESMOL and maany others software
that are useful for analysis. At the end CyPhyML model
integration language provides the integrration across this
heterogeneous modelling space and the FO
ORMULA - based
Semantic Backplane provides the semantic integration for all
OpenMETA composition tools [10] The nexxt step in this case,
will be to outline Tool Integration according to Development 3,
in which execution integration is also proovided as a whole
platform.
D. Tool Integration
Using the same approaching to [9-11], in which the Tool
Integration Framework of the OpenMET
TA incorporates a
network of model transformations that innclude models for
individual tools and integrate model-bassed design flows,
model-transformations are used for the follow
wing roles:

mber of intermediate stages.
that include a num
Automating design sppace explorations require that
Python files controllinng the execution of these flows
on the Multidiscipllinary Design Analysis and
Optimization (OpenM
MDAO6) platform (that are
currently use in OpenM
META) are auto-generated from
the test bench and parametric
p
exploration models
(Figure 2).
It is highlighted through thiis development, that both multiphysical and computation modelling
m
present advantages
choosing the specification of composition, i.e. for physical
interactions; power flow orriented modelling (Modelica,
Simscape or Bond Graph modelling
m
languages) requires
spending time typing for expresssing and enforcing connectivity
constraints achieving safe modelling of multi-physics
interactions.
The OpenMeta model and toool integration technology needs
and infrastructure for creating and
a executing complex analysis
flows. Based on “software--as-a-service” aspect of this
development, it allows end userrs (individuals, research groups,
and large companies) to repoositories, analytic services and
design tools to lower the costs, and excluding the high costs of
acquiring and maintaining deskktop engineering tools. In Figure
4 is presented the platform for
f executing the part of tool
integration, according to [9].

1) Packaging: Models are translatedd into a different
syntactic form without changingg their semantics.
Taking the development, AVM Component
C
Models
and AVM Design Models are transslated into standard
Design Data Packages (Figure 2, .ACM and .ADM
files) for consumption by a variety of design analysis,
manufacturability analysis and repossitory tools.
2) Composition:
Modeland
component-based
technologies are based on composinng different design
artefacts (such as DAE-s for reppresenting lumped
parameter dynamics as Modelicaa equations, input
models for verification tools, CAD models of
component assemblies, design sppace models, and
many others) from appropriate moddels of components
and component architectures.
3) Virtual prototyping: Several testt and verification
methods (such as Probabilisticc Certificate of
Correctness – PCC) require test bennches that embed a
virtual prototype of the designed system
s
executing a
mission scenario in some environm
ment (as defined in
the requirement documents). Itt is found that
distributed, multi-model simulationn platforms are the
most scalable solution for these tests. The author
selected the High Level Architectture (HLA) as the
distributed simulation platform annd integrated FMI
Co-Simulation components with HL
LA.
4) Analysis flow: Parametric explorrations of designs
(PET), such as analyzing effeects of structural
parameters (e.g. length of vehhicle) on vehicle
performance, or deriving PCC for performance
properties frequently require compplex analysis flows

Figure 1. Tool Inteegration Framework.

The key fundamentals addreessed in this platform are:
1) Resource elasticity annd service staging, to address
scalability and system wide optimization.
2) Managing the evolutioon of data, data presentations and
their use by service andd service integration over time.
With these fundamentals, it is clear that another matter need
to be addressed for this platform, as shown in Figure 4. The
evolution of data is key to betterr results and performance of this
development.
IV.

CTURE FOR INDUSTRY 4.0
ICT INFRASTRUC

A. Decentralized Computing
t Industry 4.0 is decentralized
One of the main barriers to
systems, as described in [12]], for allocating hardware and
software resources to indiviidual workstation or desired

location, which have been designed and opeerated with limited
knowledge of the complete system. Howeever, decentralized
computing is now a trend in business environnments. As there is
no central decision maker, the information flow stays mostly
local. Viewed as part of the control system
m, decentralization
forms a self-organizing emergent system, with
w
self-adaption,
self-management, and self-diagnosis, keyys in autonomic
computing as well as Industry 4.0. This allow
ws control of more
complex systems, although global optimal performance
p
cannot
be guaranteed as firmly as with global controllers [12].
For implementing Smart Manufacturinng schemes, ICT
known as unified communications andd integration of
telecommunications, computers, necessary software, storage,
and all those interfaces that allow users witthin the systems to
access, store, transmit and manipulate infoormation, must be
addressed as well. As the number of users increases and the
cloud computing grows in scale, decentralised cloud solution
can play an importance role of infrastructure [13].
Decentralised intelligence can keep information and
communication between the system components. By
simulation and virtual design, manufacturingg can be improved
using optimization and control tools to set system scenarios.
However, distributed optimization, owing too explosion in size
and complexity of modern datasets, comprisses the importance
of solving problems and analysis.
Networked production leading to whaat Industry 4.0 is
aiming to achieve, constantly collects Big Data sets, those data
sets possess characteristics of being extreemely large, highdimensional and data stored or collectedd in a distributed
manner. All those characteristics can also be
b noted as part of
the machine learning process. As a result, it has become of
central importance to develop algorithms that are both rich
enough to capture the complexity of modernn data, and scalable
enough to process huge datasets in a parallelized or fully
decentralized fashion [14].
B. Cloud Computing
c
provides
Through resources virtualization, cloud computing
infrastructure, platform and software as services. “Cloud
computing is a model for enabling ubiquitoous, convenient, on
demand network access to a shared poool of configurable
computing resources (e.g. networks, servers, storage,
applications, and services) that can be rapidly provisioned and
released with minimal management effort or
o service provider
interaction” [6]. This cloud model is compossed of five essential
characteristics, three service models, and four deployment
models for optimal scheduling of resources [115].
For an I4 environment, private cloudss, where data are
restricted to the usage of a company, are imperative as a service
linking between the private networks and thee public ones, with
a well-funded policy of data sharing and data
d
accessing. The
linkage between cloud computing and autoomation systems is
strong. Nowadays, developments on bothh sides are getting
involved, so as to achieve higher efficienccy with less effort.
With cloud computing, CPS are being opptimized to reach
manufacturing by the press of one button [166]. The gathering of
knowledge and perspectives with the propoosal of architecture
for Global Information are showed in Figure 5.
Facing this paradigm, the integration of CPS, IoT, IoS and
CC leads to a transformation, more than a revolution. Those
subjects already mentioned before comprise the trend and need
to implement Industry 4.0, which gives the way
w of reorganizing
the modes of production using existing tools and placing

reliance on networks. With thee mergence between the Internet
and factories, Industry 4.0 is characterized by the constant
communication and linkage am
mong production, supply chain,
tools and workstations via the Innternet and virtual networks.

Figure 2. Architecture for Global Infoormation with use of Cloud Computing.

C. Model-Based Integration
Considering Integration as
a part of the whole-system
automation, it comes another topic of interest: “embeddedautomation systems”, those which
w
refer to control systems
encompassing both domains (control-dominated and datadominated) and which can be
b designed using one unified
approach. This approach was proposed in [17], where the
control-dominated parts deal wiith asynchronous inputs from an
external environment, while thhe data-dominated parts process
these events by calling appropriiate functions.
While trying to reduce IT
T costs, improve efficiency of
sharing processes and enhancee scalability inside companies’
data and applications integratiion, there are certain levels of
integrations known as: presentaation level integration, business
process integration (Service Oriented Architecture), data
integration and communicationns-level integration. Depending
on a company’s particular needds, communication can be either
synchronous, asynchronous or a combination of both. In
synchronous communication, a sender application sends a
request to a receiver applicatiion and must wait for a reply
before it can continue witth its processing. Then, in
asynchronous communication, a sender application sends a
message to a receiver applicatiion and continues its processing
before receiving a response. Asynchronous communication
allows the loose coupling of appplications, eliminating the need
for connection management. This
T
results in an applications
integration solution that is morre flexible, agile, and scalable essential attributes denoting what
w
Industry 4.0 seeks for. For
designing an integration solutionn, asynchronous communication
offers a number of addvantages over synchronous
communication, especially whhen it comes to services in a
Service Oriented Architecture. In synchronous communication
patterns, timeouts are more com
mmon when an application has to
wait for responses from severall other applications. This means
that the availability of servicces increases since individual
processes are not blocked out as
a frequently due to waiting on
other sub-processes to completee [17].

At present, a model-based integration approach is in its
infancy and requires significant future research efforts. Many
researchers agree that modelling from the CPS is a sizeable
obstacle for companies that handle big data and obtain any
profitable analysis for prediction. It has been suggested to
tackle uncertainties within the data analysis. Tool integration
and support from model-based systems and rapid construction
of domain-specific tool chains are also suggested from present
research [16].
D. Virtual Prototyping with Computer-Automated Design
Utilizing Evolutionary Computation, CAutoD accelerates
and optimizes the tedious process of trial-and-error by reversing
a design problem into a simulation problem, then automating
such digital prototyping by intelligent search via biologicalinspired machine learning [18]. Experimental research in order
to validate scientific results of the theoretical work is also what
researchers suggest. Validation and implementation of this
approaches help with a fast rhythm of acquiring knowledge and
developments. What is trending now will not be the same in a
few more years’ time. When launching projects like smart
manufacturing and Industry 4.0, companies should stay one
step ahead and put efforts on innovative resources for advanced
results.
V.

[3]

[4]

[5]

[6]

[7]

[8]

[9]

DISCUSSION AND CONCLUSION

As stated so far, there exist challenges and future directions
when tackling the subject of Industry 4.0, as argued in [3].
These include general reluctance to change by stakeholders,
threat of redundancy of corporate IT departments and a lack of
adequate skill-sets to expedite the march towards the 4th
Industrial Revolution.
Many other trends have developed for Smart
Manufacturing, not only in Germany with Industry 4.0, but also
in the United States such as the Smart Manufacturing
Leadership Coalition (SMLC). What SMLC presents is the
infusion of intelligence that transforms the way industries
conceptualize, design and operate the manufacturing enterprise
[19]. Both perspectives agree on what challenges have to
overcome in order to achieve what they pursue, such as analysis
of big data-information, interoperability and scalability, among
others.
So far, smart manufacturing approaches, analysis,
virtualization and the new tendencies like the Industry 4.0 and
big data studies have been studied. Summarizing the related
work and developments leads to focus on the aspects facing
Industry 4.0, such as methodologies that integrate collaborative
systems. In this case, researchers suggest that a well-funded
methodology that integrates CPS, cloud computing, virtual
designs and real-time analysis is key to achieving innovation
and a high productivity, because the system at the end becomes
self-aware and self-predictive among other properties that are
suitable for future research.
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[11] Eremenko, P. (2011). Philosophical Underpinnings of Adaptive Vehicle
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Arlington, VA.
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